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ABSTRACT - Data Classification and Association Rule Discovery are two important data mining
techniques. In this paper, we apply the two techniques to find appropriate laws and articles for lawsuits. We
propose a data classification method using a classifier generated from association rule discovery technique.
We utilize the classifier to help selecting laws and articles to be tried for a lawsuit. Our experiment shows
that the classifier generated from a proposed method yields better accuracy than one generated from a
general data classification method. In addition, our method increases efficiency in multi-group and multi-
level classification.

KEY WORDS - data mining, knowledge discovery from large database, lawsuit
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